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This paper evaluates the unemployment duration and labor mobility using data from the 
household surveys provided by the National Statistical office (INDEC) for the period 
1998 to 2005. The paper aims to understand and explain the evolution and main 
determinants of labor mobility and unemployment duration, two of the main problems 
that labor markets present. Unemployment duration is studied in terms of welfare and its 
determinants by applying stochastic dominance and econometric techniques. Labor 
mobility is analyzed using conditional multinomial probit techniques in order to evaluate 
its evolution, the impact of a crisis and the recovery period, that Argentina faced over the 
period 1998-2005. We found that there was deterioration in welfare measured by 
unemployment duration especially during the crisis period. We found that human capital 
played a key role in the unemployment duration and labour mobility. Unemployment 
duration is higher for people with higher educational levels, which shows that less 
educated people have lower reservations wages; similar result was found for females and 
males. The labour mobility results show that more educated people enter easier to formal 
labor markets which changes during the crisis when their probability of entering to 
formal labor market reduces; this would suggest that more educated people tend to adjust 
their wages and push out of the market less educated people. The labour mobility patterns 
do not reflect inflexibility in labour markets. We conclude that the apparent duality – 
formal and informal - in the Argentinean labour market which seems to reflect  
differences in access to productive resources (human capital) outside labour market is the 
one that determines the integration into labour markets and later labour mobility of a big 
part of labour force.  
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INTRODUCTION 
 

    One of the main problems economy faces is labor market distortions, among which two 
of the most important are labor mobility and unemployment. They have direct effects on 
product, inequality, over development, and growth itself. Generally, the way economy 
develops directly affects the increasing number of unemployed people, unemployment 
duration and labour mobility. 
 
    Over the last 20 years Argentina showed high levels of economic growth with a sudden 
stop due to one of the biggest economic crises in its history, which had negative effects on 
the welfare of the country and the region. This crisis period had direct effects on the 
Argentinean labor market, resulting in increased unemployment, increased job-searching 
time, and labor mobility pushing workers towards the informal sectors of the economy 
characterized by lower wages and lack of benefits. 
 
    In fact, the increase of unemployment duration and precarious employment during the 
crisis had direct effects on labour mobility growth shifting employees towards the informal 
sectors of the economy and decreasing the quality of employment in the country, which 
had harmful effects on welfare of the society.  
 
    The increase of unemployment duration could have been related to factors such as 
government protective programs and changes in employment laws; but it is also correlated 
to the socioeconomic characteristics of the people. 
 
    Empirical literature on unemployment duration and labour mobility shows two trends to 
analyze their determinants and their evolution. We can split this into two groups according 
to the type of information available: either using information at macro level or household 
surveys. This document uses the "Permanent Household Survey" (PHS) carried out by the 
National Institute of Statistics and Census in Argentina (INDEC) from 1998 to 20051 given 
their availability and flexibility.  
     
   The objective of this study is to characterize the levels, the evolution and the 
determinants of unemployment duration and labour mobility in Argentina before, during 
and after the crisis the country faced between 1999 and 2001. To reach this aim, we use 
stochastic dominance techniques applied to unemployment duration and econometric 
modeling to analyze both unemployment duration and labour mobility. 
 
    The second section of this document presents a brief review of literature on 
unemployment duration and labour mobility as well as empiric evidence for the specific 
Argentinean case. The third section presents a descriptive analysis of unemployment in 
Argentina, and in particular of the main variables related to employment duration and 
labour mobility. The fourth section analyzes unemployment duration and its determinants 
applying stochastic dominance, count models and hazard models. The fifth section 
presents evaluation of labour mobility through the use of probability and mobility models, 
and finally the sixth section presents conclusions of the document. 

                                                
1 PHS surveys from 1998 to 2002 taken only from October of each year. In 2003 taken only from May and 
continuous PHS surveys from 2003 to 2005 taken only from the 2nd semester of each year. This period is 
included because it is necessary to carry out a detailed analysis before, during and after the Argentinean crisis. 
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1. WHERE DO WE STAND? A BRIEF REVIEW OF LITERATURE 
 
    Labor dynamics requires an evaluation of labour mobility and unemployment duration 
due to its harmful effects on the economy itself and social welfare given that it allows the 
redistribution of welfare between workers, especially during periods of crisis. The 
implementation of social programs to prevent a deterioration of the labour markets require 
an extensive analysis of this two phenomenon. 
 
    Most labor market studies analyze unemployment duration and labor mobility using two 
different information sources household surveys (at micro level) and national accounts (at 
macro level). Each one has different benefits; macro data give information about the whole 
population, but do not give any information about individuals, and it is mainly used to 
evaluate regional and demographic events. Included in this review are the works of van den 
Berg (1994), van Ours (1996), van den Berg and van den Klaauw (2001), and van den Berg 
and van Ours (2002). 
 
    On the other hand, household data have detailed sociodemographic information for 
individuals and households sociodemographic characteristics. However, similar to macro 
level information, they also have some disadvantages. For example, in panel surveys follow 
up time is generally short; and in punctual surveys there is no individual follow up. This 
kind of analysis has been applied to Colombia (Castellar and Uribe (2003)), Chile (Pertiraca 
(2005)) and Bolivia (Canavire and Landa (2006)). Both found that the most important 
determinants of unemployment duration are sex, income, educational attainment, and 
several other regional factors.  
 
    Perhaps the most ambiguous argument is related to education. Rõõm (2002) and Steiger 
et. al. (2001) assert that higher educational levels would reduce unemployment duration. 
Kupetz (2005) affirms that, given the reserve salary of less educated people, their 
unemployment duration would be lower and labor mobility would be higher. 
 
    For Argentina, Galiani and Hopenhayn (2001) show evidence that the exit of 
unemployment (understand as leaving unemployment) has a negative relationship with 
worker age, increases for men, and is highly dependent on unemployment duration. This 
document analyzes the pre-crisis period 1989-1998. 
 
    Regarding labor mobility in Argentina there are some documents that analyze this topic 
basically using economic and sociological points of view. Kessler and Espinoza (2003) 
present an extensive literature review and highlight studies of Germani (1963) and Beccaria 
(1978). Germani describes labor status of parents and children, and their mobility between 
manual and non-manual occupations. Using information for 1960 he concludes that even if 
these occupations do not have high structural mobility they still present movements inside 
them.  
 
    Beccaria, using information for the same year, evaluates the occupational environment 
of parents and children and complements Germani's findings stating that despite the 
mobility along manual and non-manual occupations there is still a decrease in low quality 
activities in both cases. Beccaria y Maurizio (2003) analyzes labour mobility and 
unemployment duration between 1998 and 1999, recovering an existent relationship 
between the latter and the informal market. They establish that, even if there is an outflow 
from employment to unemployment, the informal sector was unable to absorb those 
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unemployed; however, an employment and unemployment effect is always present during 
periods of expansion and recession. 
 
   In general, these studies present a clear distinction between intergenerational labour 
mobility and labour mobility by sector. On one hand, intergenerational labour mobility 
usually tries to evaluate the father's socioeconomic status and analyze the quality of life of 
the children in the future, as an approximation to social mobility of individuals. Jorrat 
(1997) using data from 1982 observes that although there is little mobility between manual 
and no-manual occupations, the latter still shows less growth.  
 
    Recently, Jorrat (2005) presented an analysis on intergenerational mobility of parents and 
children between 2003 and 2004, suggesting that "apparently the 2001 crisis would have 
"blurred" certain mobility guidelines (de facto) historically attributed to the social 
stratification of Argentina". On the other hand, labour mobility by sector evaluates the 
labor movement of each individual who, because of an exogenous cause, has to change 
many times to a different situation, either better or worse. This document, given its 
thematic, analyzes labour mobility from this point of view. 
 
    The government, thorough the Ministry of Labor, Employment and Social Security2 
(2005), corroborates that labour mobility among individuals who worked in private 
companies between 1996 and 2004 decreased during 2001 and 2002, only to increase again 
between 2003 and 2004, a period of economic recovery, for two reasons. First, many 
employees who left during the crisis returned to work since the labour market could absorb 
the unemployed; and second, a lot of people that couldn’t find a new job entered the 
private sector or started working for the first time implying that there was a lag on the 
abortion of labour force entrants. Moreover, this study show that both young people and 
adults had to face greater problems when looking for employment, therefore age was not 
see as problem; and yet, young women with low levels of education were the most affected 
by unemployment. 
 
    According to Cortés and Groisman (2004), the problem of labour mobility and its 
relationship with economic growth and with the formal and informal sectors was mainly 
caused by international migration to the stable country of the nineties, greatly stopping 
internal migration. Foreign employees started jobs with long working hours and low wages. 
 
    An individual will want to work or keep his job if he gets paid at least his reservation 
wage. However, in the presence of crisis and distortions in the labour markets, many 
people would look to find a job as quickly as possible without caring if this is formal or 
informal and even with a salary below the established minimum wage or even his 
reservation wage. Gutierrez (2004) concludes that economic recession in Argentina 
generated great unemployment risk and other characteristics, such as to be an under paid 
worker with a low educational level. 
 
    Gasparini (2005) shows that in Argentina during 1992, 1996 and 2001 the percentage of 
informal work increased specially in female population. Moreover, salaries were lower as a 
result of the growing inequalities seen in the nineties and the reduction of labour protection 
in Argentina. 
 
    In 2002 a plan called "Plan Jefes y Jefas de Hogar Desocupados en Argentina" was 
implemented under the safety nets idea. One of the main objectives of this plan was to 
                                                
2 Document: "Job, occupation and employment. Previous experience, collective negotiation and income". 
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reduce unemployment duration and more specifically to stimulate employment generation. 
However, it had a structural problem; it was a sort of "unemployment insurance" for the 
informal sector, without time limits and with certain requirements. Its implementation was 
questioned since recession was over3. 
 
    In short, if we analyze labour mobility in Argentina from 1998 to 2005, a period 
characterized by economic crisis and recovery, people made different decisions according 
to their sociodemographic characteristics. The need to find a job was confronted with the 
possibility of not finding one that remunerates according to the educational level or the 
family situation. For this reason it is necessary to analyze unemployment duration as part of 
labour mobility, because depending on the characteristics of each individual, the time of 
search for formal or informal employment varies. 

2. EMPLOYMENT CHARACTERISTICS IN ARGENTINA 
 
   The International Labour Organization (ILO) and the United Nations (UN) established 
basic definitions to measure labour force, occupation, and unemployment in household 
surveys. According to the standard definitions, unemployed population (UP) is one that 
belongs to labour force and did not work during the reference period or established their 
own business in a determined period of time.  
 
   According to ILO (2004)4 the average unemployment rate in Latin America was 11.1% in 
2003, which means that 11 out of 100 people belonging to the labour force were 
unemployed. Argentina is in second place above the region's average, with an 
unemployment rate of 17.3% (See figure 1). 

 
Figure 1 

Latin America: Urban unemployment rate, 2003 
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3 For more details see Vinocur y Halperin (2004) and Golbert (2004). 
4 Some of the unemployment rates presented by ILO include the rate of hidden unemployment which takes 
into account people who were considered temporarily inactive and sub-employed population 
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    Perhaps the unemployment rate is the most important and widely used indicator to 
analyze the evolution of any economy. In the Argentinean case we can observe a clear 
tendency over the period of 1998-2004. In the year 1998 12.5% of the labour force was 
unemployed, while during the crisis period it increased due to the slowdown of the 
economy and the outflow of capital; more specifically in the years of deep crisis – in 2001 
and 2002 - the unemployment rate increased in almost 6 points compared to the previous 
periods showing a clear deterioration in the economy and labour market. During the period 
of 2003-2004 we observe a slight recovery of unemployment which is still not enough to 
compensate the increase that happened in the crisis. (See Table 1) 

 
    Labour markets in developing countries, especially in Latin America5 show high 
informality level; even if Argentina is below the region average it is still a problem that the 
society has to face. In average, over the period 1998 to 2004 43.2% of the occupied people 
were working on informal sectors. The levels of informality did not presented high 
variability over the period of crisis which led to think that reservation wages did not fully 
adjusted generating higher levels of unemployment.  
 
    When we observe the unemployment duration, we found a clear increase on its average 
not attributable to frictional unemployment. In the year 1998 the average unemployment 
duration for people over 15 years was 6.1 months, which had been growing until 2002 and 
kept the same behaviour over the period 2003-2005. This, along with the unemployment 
levels show that there is a slow adjustment on the economy and could be an indicator that 
the public policy programs that were applied have not been successful. 
 
    The most vulnerable groups in crisis have been the older ones. During the period 2001 
and 2002 the increase of unemployment duration has been higher in this groups compared 
to the younger ones and remained over the period 2003 - 2004. This is attributable to the 
change in the productive structure and the technology assimilation that Argentina had to 
face over this period which caused an isolation of less technology adaptive groups. 
 
    Unemployment duration is higher for females in all age cohorts. This is supported by 
empirical evidence that females in general have higher reservation wages than men; 
especially in segments of the population with lower income therefore their job searching 
time is longer.  
 
    Educational levels show that unemployment duration is higher for more educated 
people; moreover during the crisis period this was the group that faced a higher increase in 
unemployment duration. This is due to the fact that it is more difficult for better educated 
people to adjust their reservation salaries, but also it is more difficult to enter to informal 
sectors (See Table 2). 
 

3. UNEMPLOYMENT DURATION AND ITS DETERMINANTS6 
 
    The appropriate methodology to study unemployment duration is the analysis of the 
classic job search theory, which takes elements from the statistical theory of sequential 
decision making, information theory and the economics of uncertainty and builds its 
theoretical foundations in a dynamic programming context. 
      
                                                
5 The informality rate for Latin America is 55%. Argentina is below this average and in position 13. 
6 This section uses as reference the document by Canavire y Landa (2006) "Unemployment duration in 
Bolivian urban areas: an analysis of the effects of levels of education and socioeconomic characteristics". 
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     Unemployment duration, from the econometric point of view, is based on transition 
analysis which takes into account the transition between two states, unemployment and 
employment and the amount of time between one state to the other; many times assuming 
that the latter takes place at the moment when the information is obtained. In this sense, 
there are two main relations that search theory takes into account: the probability of exiting 
one state (unemployment) and the duration in this next state (search). 
 
    It is important to notice that, given the nature of the unemployment duration variable, in 
a particular moment there will be individuals who would leave unemployment while others 
would remain in it. Martín (1995) goes back to the origins of the theory up to the so called 
discrete time sequential search model7, including also the optimal sample size. Heckman 
and Singer (1984) argue that the characterization of decisions in continuous time is more 
realistic due to the absence of a natural time unit in which a decision is made. 
 
    Lancaster (1990) suggests the interaction between theory and applied methods, and 
establishes preference in the usage of hazard models for the analysis of unemployment 
duration in continuous time; however he also suggests applying count models when the 
available data is in discrete time. 
 
    We use intensively the information available in the household survey in Argentina and 
present the results of three different ways to analyze the evolution of unemployment 
duration. First, we use stochastic dominance to analyze the evolution of unemployment 
duration, second, we analyze the determinants of unemployment duration using count 
models and, finally, we apply hazard models to confront and confirm the results obtained 
before. To reach this aim we calculate unemployment duration through the existent panel 
and through the question: how long have you been unemployed? 
 

a. Stochastic Dominance in unemployment duration 
 
    One alternative to analyze unemployment duration in terms of welfare is applying 
stochastic dominance techniques. Two studies of this kind are known. First, Yañez (2004) 
presented a way to analyze the social function taking unemployment duration into account 
and using generalized Lorenz curves. These curves are used compare welfare in two 
situations, or in this case comparing two different unemployment duration spells. 
 
    Second, Canavire and Landa (2006) apply stochastic dominance curves to analyze the 
distribution of unemployment duration in Bolivia from 1999 to 2003. These curves show 
an improvement in welfare measured by unemployment duration between 2000 and 2003 
in relation to 1999. Also, 2003 shows an improvement in welfare in relation to 2000, 2001 
and 2002. 
 
    The Argentinean case is presented under the same approach. First, however, we present 
a short theoretical explanation of the methodology applied. 
 
    To analyze whether there was improvement in social welfare, it is necessary to use the 
Atkinson's Theorem (1970)8 which, in summary, says: 

                                                
7 Job Search Theory defines discrete time as a standard duration measurement, for example: months, years, 
etc. 
8 From Mitnik (1999). 
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a) If the measures of income are equal and Lorenz curves do not intersect, the 
distribution that Lorenz dominates the other, implies a higher social welfare; if F(x) y 
G(x) are two income distributions of equal measurement, μF = μG  then: 

)x(Udx)x(g)x(Udx)x(f)x(U)p(L)p(L GF ∀≥↔≥ ∫ ∫  

 Such that U′(x)>0 and U′′(x)<0 (U(•) is an strictly increasing and concave function) 
 

b) Corollary Atkinson's Theorem: Atkinson's Theorem can still be fulfilled if the 
distribution dominated by Lorenz also has high income average. Considering the same 
assumption described in the theorem but with μF  > μG then: 

)x(Udx)x(g)x(Udx)x(f)x(U)p(L)p(L GF ∀≥→≥ ∫ ∫  

c) Shorrocks Theorem: The Shorrocks theorem (1983), states that in the case that μF < 
μG it’s possible to apply a generalized Lorenz curve. Given that p=F(y), the generalized 
Lorenz curve GL(p) for a distribution F(x) could be defined: 

)p(Ldx)x(xf)p(GL
y

FFF ∫ ==
0

µ y 
 This allows reformulating the Atkinson theorem using Shorrocks Theorem (2003): 
Given F(x) and G(x) two income distributions, then: 

[ ]10,p)p(GL)p(GLdx)x(g)x(Udx)x(f)x(U GF ∈∀≥↔≥∫ ∫  

In this way, its possible to apply the stochastic dominance concepts to unemployment 
duration, to this aim we first compare all the possible pair combinations of unemployment 
duration averages. These are presented in Table 4. 
     
    To analyze unemployment duration we exclude the cases that are considered outliers. 
The criteria to define the cut point in the distribution of employment duration was to 
eliminate all the cases in which unemployed individuals reported they had been looking for 
a job for over 48 months. The selection of this value was based on the frequencies of the 
analyzed variable for each year. We found that in all of them, more than 97% of the 
individuals were unemployed for less than 48 months. 
 
    As we have seen in the table above, from 1999 to 2003, the mean of unemployment 
duration is always less in the initial year than in the last, therefore corollary of Atkinson 
applies. However, by 2002-2003, 2003-2004 and 2003-2005 the mean of unemployment 
decreases according to Shorrocks' Theorem. The cases where none of the theorems were 
used are 2000-1999, 2001-1999 and 2005-2004. 
 
    In this case, when income is used as a variable of welfare, the interpretation given is 
different from the traditional one:  
 
    a)   In all years, except in 2002-2003 and 2003-2004, the function of the last year is 
higher than the initial function, showing higher levels of unemployment duration. 
    b)   In 2002-2003, 2003-2004 y 2003-2005, the initial year is higher than the last year, 
indicating less unemployment duration levels. 
 
    Given that in 1999-2000, 1999-2001 and 2004-2005 the graphics show intersections 
between the curves, it is impossible to carry out any comparison of welfare. For a graphical 
explanation we next present the Lorenz curves to illustrate.  
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Figure  2 

Generalized Lorenz curves 1998 to 20059 

  

                                                
9 The remaining graphs can be found in the appendix. 
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a. Count Models and Unemployment Duration 

    Count models are an alternative to analyze the determinants of unemployment duration. 
These determinants have as their dependent variable the discrete calculation of events 
(months of employment); additionally, it is necessary that the dependant variable is integer 
and its extension limited by zero10. The most used count models are the Poisson regression 
model and the negative binomial regression model. 

    Poisson regression models present one main problem - the over-dispersion of residuals, 
that is, the model underestimates the dispersion level of the result because its distribution 
assumes count variability within a group of covariants is equal to the mean. Also, standard 
errors of the Poisson regression would be skewed downwards. 

    In case this relation is not fulfilled, the estimated coefficients may be skewed, for this 
reason it is useful to compare it with the negative binomial regression model. This model 
takes into account this characteristic adding a parameter which reflects the heterogeneity 
not seen in the observations: 

iii 'Xln εβλ +=  
    then: 

)'Xexp(ˆ),xy(E iiiiii εβλε +==  
)exp()'Xexp(ˆ

iii εβλ =  

iii )'Xexp(ˆ δβλ =  

    Where )exp( ii εδ = , to identify the model we assume that E(δ)=1 which is equivalent to 
E(ε)=0. In this sense, Poisson and negative binomial distributions have the same mean 
structure. 

    Then the observations will follow a negative binomial distribution negative given by: 
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    Where Γ is the gamma function, one must take into account that the mean in this 

distribution (like in Poisson's) is λ, However, the variance is given by: 
α
λ2

+y  , where α is 

the dispersion parameter, when α is high the negative binomial distribution converges to 
Poisson. 
 

i. Empirical strategy and results 
 

    Taking advantage of the characteristics of the information from Argentinean household 
surveys, the negative binomial model was applied since we found over-dispersion of the 
residuals in Poisson model. Based on the theoretical definition, the following log-linear 
equation is estimated as: 
 

                                                
10 Applying OLS models to this kind of data is inappropriate because it produces skewed and inefficient 
estimates. 



 10

( )
i

i

pobgbahijosgedadgedadsexojefe
csupisupcsecisecpricdurln

εβββββββ
ββββββ

+++++++
++++++=

1211109876

543210

21
 

 
    Where pric represents complete primary education, seci is incomplete secondary 
education, secc is complete secondary education, supi is incomplete superior education, 
supc is complete superior education, jefe is a dummy for the household head, sex is a 
dummy that takes one if the individual is female, gedad1 is a dummy for individuals 
between 15 to 29 years, gedad2 is a dummy for individuals between 30 to 50 years, hijos is 
the number of children in the household, gba is a dummy that takes the value of 1 if the 
individual lives in Great Buenos Aires11, pob is a dummy for poverty considering the 
poverty line index. 
 
    The variables used to estimate unemployment duration determinants are 
sociodemographic that can be found in the PHS. Since we are dealing with log-linear 
regressions, incidence ratios must be calculated. These ratios are basically antilogarithms of 
the coefficients12. The determinants of the unemployment duration proposed for analysis 
are discussed below. 
 
    To evaluate the effects of education on unemployment duration, dummy variables 
according to an educational level (completed primary school; completed and uncompleted 
secondary school, and completed and uncompleted higher education) were included. The 
expected coefficient in these variables is ambiguous, since there are studies, such as those 
by Rõõm (2002) and Steiger et. al.(2001) which show that higher levels of education would 
allow faster entry to employment, while other authors such as Kupets (2005), Pertiraca 
(2005) and Canavire and Landa (2006) argue that unemployment duration, in the case of 
people with low levels of education, is lower given the kind of employment they look for.13 
 
    If the individual is a household head, a dummy variable is included this is used to 
identify the predisposition to work due to the obligation with the family, therefore a 
decreasing relation (less than 1) on unemployment duration is expected. According to the 
previous empirical literature we would expect that the coefficient of gender for the 
dichotomic variable (0 for women and 1 for men) is decreasing (less than 1) since 
reservation wages are lower for men than for women.  
 
    Regarding age we would expect a positive coefficient for the older group and a negative 
coefficient in the younger group. The number of children in a household is included to 
capture the needs that a household member or spouse would have at the time of searching 
for a job, therefore we expect that the higher the number of children the lower the 
unemployment duration, which means a decreasing relation (less than 1). 
 
    A regional variable is included to analyze the effect of belonging to a particular region, 
more specifically a dummy for Great Buenos Aires (1 if the person lives in the area and 0 if 
lives elsewhere) was included. We choose this since this is region where most of the urban 
people live. Finally, we include a variable to capture the socioeconomic status, as a proxy 
we use the moderate poverty. We expect this variable to be negatively correlated with 
unemployment duration since poor people would need to find a job quicker. 
                                                
11 Great Buenos Aires is the main urban region in Argentina 
12 Incidence ratios refer to the transformation of coefficients through e(β) since the estimates come from a 
log-linear model. Using this transformation we can estimate the real value of the coefficients. 
13 The reservation wages for people with low education levels would be less, which would make their hiring 
easier. 



 11

 
    The estimation is carried out on individuals between 15 to 64, who were looking for 
employment between 1998 and 2005. The results are presented in Table 5. We found that 
there is a different effect between educational levels: lower educational levels have lower 
unemployment duration which supports part of the empirical evidence presented before, 
we also observe that the crisis period had harmful effect specially on the higher educational 
level groups, the incidence over unemployment duration decreased more in this group than 
in the lower educational levels group.  
 
    We found that the crisis had an initial shock in 2000 which caused a reduction of the 
effect of all educational levels; this implies that at the beginning of the period the effect 
over unemployment is reduced even if the unemployment rate increases which is due the 
fact that labour market absorbs faster the new unemployed but the persistence of this 
initial effect reduces over the years. 
 
    The dummy for household head has a decreasing effect over unemployment duration, 
before the crisis on average the condition of household decreases the unemployment 
duration in 17% while during the crisis period this percentage increases to 25% which 
implies that during this period the household head are more willing to accept any kind of 
job, presuming due to the responsibility that they might have.  
 
    The dummy for sex, implies that the condition of male decreases the unemployment 
time, somewhat surprising this effect reduces during the crisis period and start to decrease 
slowly after the crisis this shows that reservation wages of males are lower than for females 
which causes the males to go into the labour market, but it also shows that during crisis 
female tend to reduce their unemployment time. Looking at the age cohorts we found that 
the higher the age of the individuals the lower the reduction of unemployment, we don’t 
find significant differences when we look at the crisis period. The job searching time 
decreases slightly with the number of children intuitively we could assume that the 
economic charge of a person increases when he has more dependants therefore accepting 
different kind of jobs.  
 
    The regional effect set by the Great Buenos Aires dummy does not have a significant 
effect either. A slightly higher effect is the one that the poverty variable present, especially 
during the crisis period. During this period the unemployment duration increases slightly 
compared to the periods without crisis. Finally, the constant term has a decreasing effect 
over the time, especially between 2003 to 2005 which is a sign of increasing in welfare of 
the society14 (see Table 5). 
 
    We should take into account that this analysis does not consider the kind of work that 
the individual can find which means that most of the possible jobs could be without social 
benefits. Next we present a short analysis to verify if the type of employment obtained 
influences the search time. 
 

b. Hazard Models and Unemployment Duration 
 

    In this kind of models the endogenous variable we are interested in is the spell length T 
in this case unemployment measured in months, which elapses from the beginning of some 
event until its end or until the measurement is taken, which may precede termination. Thus, 
                                                
14 It should be noted that the year 2003 a change in the data collection – a transition from punctual to 
continuous survey - happened. 
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in the duration analysis, censored spells can be taken into account. Suppose that the 
random variable T has a continuous probability distribution f(t): 

∫=≤−
t

o
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    The cumulative distribution F(t) is the probability that the job searching do not reach T 
while the density function correspond to the conditional probability that it is in fact T. To 
analyze unemployment duration its necessary to create a survival function S(t) given by: 
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    The hazard rate can be interpreted as the expected number of events in a one-unit time 
interval. The estimation procedure in this case is maximum likelihood based on the selected 
distribution function. In this paper we use the Weibull distribution function. 
 

i. Empirical strategy and results 
 
    For this section we use a pooled survey for each consecutive couple of years. We 
separate individuals in three groups the first are the unemployed that remain unemployed, 
the second the ones that were unemployed during the initial spell but then  found a job on 
informal sector, and finally the ones that were unemployed but found a job in a formal 
sector15. To evaluate unemployment duration through hazard models the following 
specification is used: 
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    The variables used here are the same as in the previous model, since one of the 
objectives of this section is to compare both models. However, we include the variable pjh 
which is a dummy for the people that participated in the "Plan Jefes o Jefas de Hogar", and 
it is used to evaluate the impact of this plan on the time of unemployment duration. The 
age cohort is the same as before (15 to 64). These two models include people who look for 
employment and find one after a certain time are, therefore it is possible to analyze if there 
are any differences between formal and informal employment16. The results are presented 
in Tables 6 and 7. 
 

                                                
15 An individual is classified as unemployed if he is looking for employment. Informal employment is defined 
the one where are individuals who are self-employed or work in a company with 1 to 5 employees or are 
unsalaried workers. Formal employment when an individual works, but it is not included in informal 
unemployment. 
16 The sample used in this section is a smaller than in count models due to the characteristics of Argentinean 
household surveys. 
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    We could observe that between 2001 and 2002 the effect of crisis is present, specially 
over some variable like sex, old age and moderate poverty confirming the previous findings 
based on count models, even if the initial effect found on the binomial model is not so 
clear with this models we still observe a initial decrease on the effect of the main variables 
over unemployment duration to recover its effect after the crisis period. Educational levels 
show that between 1999-2000 the searching time for individuals moving towards informal 
sector is decreasing disregarding an educational level. 
 
   The dummy for household head shows an increasing trend on the transition in both 
sectors (informal and formal). Comparing the coefficients between 2000-2001 and 2003-
2004 the effect is higher in the informal sector than in the formal sector, this could be due 
the effect of the crisis.  
 
    The dummy for males shows an increasing effect on unemployment duration towards 
formal and informal employment, therefore it can be concluded that men tend to spend 
more time looking for and finding a job than women. People aged 15 to 29 take more time 
finding informal than formal employment; at the same time people aged 30 to 50 take less 
time finding formal than informal employment.  
 
    The number of children generates an increasing effect in the time of search, although 
this time is much shorter in the case of informal employment. For people living in Greater 
Buenos Aires, despite the increasing tendency, it takes less time to find informal than 
formal employment, particularly during 2000-2001, 2002-2003 y 2003-2004. 
 
    Regarding moderate poverty, it is possible to see that before 2000-2001 the time to find 
informal employment was much longer. However, from 2001-2002 to 2004-2005 the 
search time had a decreasing tendency, just like formal employment. In the case of the 
"Plan Jefes o Jefas de Hogar", the time taken to find employment increases for those who 
find an informal job, which shows that it is more feasible to enter the plan in less time if 
one obtains a formal job. 
 
    Finally, the slopes, despite generally being increasing coefficients, show that the time of 
search is shorter for informal jobs than it is for formal ones, except during 2000-2001 and 
2001-2002, perhaps due to the effects of the economic crisis in Argentina. 
 
    Since it has been proved that there are variables that affect the time of search for 
employment, below we analyze whether these variables affect the access and the possibility 
to find formal or informal employment, which means moving from unemployment to 
employment. For this purpose, we analyze the exit and predisposition to leave 
unemployment for any type of job, and if there are variations through 1998 to 2005.  
 

4. LABOUR MOBILITY AND ITS DETERMINANTS17 
 
    Labour market dynamics are closely related to the evolution of the economy and welfare 
of the society, increases in product are related to increase in productivity in the labour 
markets, and recessions on the other hand are characterized by a deterioration of the 
labour markets switching employees towards less productive sectors. For this reason, and 
many others it is important to understand the labour mobility and its determinants 
especially during crisis periods. Labour mobility can be examined in two different ways; the 
                                                
17 This section is based on the work developed by Jiménez y Jiménez (2003): "Occupational mobility and 
unemployment in the urban areas of Bolivia" 
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first identifies occupational sectors based on labor market structure (for example, 
distinguishing between wage-earning workers, self-employed and employers) and then 
evaluating the existent degree of mobility of the variables determining inclusion to each 
category. 
 
    The second alternative is to identify segments depending on "entry", "allowance" and 
"mobility" which reflect different mechanisms of organization in the labor market18. This 
document uses the first form, dividing the labor market in unemployment, formal 
employment and informal employment. 
 

a. A brief methodological explanation 
 
    To analyze the degree of labour mobility we apply the methodology adopted by Maloney 
(1999) in his study on labour mobility in Mexico, and later by Jimenez and Jimenez (2003) 
in Bolivia. To reach this aim we estimate the conditional probabilities Pij which reflect the 
probability to find a worker in sector j at the end of a period, when the same worker began 
working in sector i in the initial period. These probabilities can be standardized according 
to the size of the sector P.j, obtaining this way the relative probabilities Pij/P.j. A high 
coefficient of relative probability means a high probability of transition between sectors i 
and j and viceversa. 
 
    It should be noted that the relative probability (Pij/P.j) measures the degree of transition 
between two sectors, but the result is inaccurate since it does not take into account the ease 
of moving into the final sector. To overcome this problem we can calculate Vij which 
includes the direction and degree of the occupational transition between occupational 
sectors and express the economic or institutional laws that force workers to leave the initial 
sector and take employment in the final sector (assuming that this latter exists). 
 
    Under this assumptions we can express the relation Pij/P.j  as follows: 
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    where we could estimate Vij using: 
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    It is important to notice that a high relative value of Vij reflects a high predisposition of 
the workers to achieve this transition which means to switch from one state to the other, in 
all occupational sectors. It is expected, therefore, that high values of Vij are associated with 
high predisposition to attain this transition while low values express a low tendency. 
 
    Given the intersectoral mobility, two forms of labour mobility can be identified: a) 
Occupational "shifts" that reflect the movements over the occupational structure; and b) 
employment and employers "rotation" within more or less similar occupations and where 
labour mobility is not associated to an occupational scale and therefore, do not show 
substantial changes in the income and social status of a worker. Both forms of mobility 
have substantially different consequences. 

                                                
18 For more details on this topic we suggest to see Doerengier y Piore (1973). 
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    In the first case, labour mobility is associated to changes in the labor market structure. If 
these changes respond to the needs of the demand and are associated to the characteristics 
of the supply, one then assumes that the labor market is flexible. The opposite happens if 
there is low intersectoral mobility, and especially if that mobility is not explained by the 
movements of the demand or by the productive characteristics of the supply. 

    Usually, occupational rotation is not related to substantial changes in the occupational 
structure. Constant change of employers or employment is generally a characteristic of 
unstable or precarious occupations, where high levels of mobility are not associated with 
significant changes in salaries, working stability or employment status. 

    To analyze employment mobility in Argentina, household surveys were used in 
individuals ages 15 to 64 from 1998 to 2005, estimating the conditional probabilities Pij to 
find a worker who started in sector i in the initial spell (i=j)19but moved to sector j at the 
end of the spell. 

 
Figure 3 

Probability of moving from a labor market sector to 
other in each period 
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    The evolution of the probability of moving out of each segment clearly shows the effect 
of the crisis, the probability of moving from unemployment into the formal or informal 
sector is reduced particularly during the crisis, reaching 49.8% in 2000 - 2001, which differs 
from the previous period 1998-1999 in which the probability exit unemployment was 
59.8%. A sustained increment in the probability to exit unemployment was seen from 
2001-2002. This result shows the little absorption of employment of the economy during 
crisis; this absorption reduces considerably in 2004-2005, giving a clear sing of 
improvement in the economy. It is important to note that these results are congruent with 
the evolution of the open unemployment rate presented before. 
 
    In relation to the informal sector, it is observed that the probability of exit increases 
notoriously between 1998 and 2002, and this is directly correlated to unemployment 
behavior. Subsequently, there is a sustained reduction in the probability of leaving the 
informal sector. A similar behaviour is seen in the formal sector, though the effect of the 
crisis is not as strong in this sector as it is in the informal sector and for the unemployed. 
 
    The transition matrices (Annex 2) show high mobility amongst formal workers towards 
unemployment, particularly during the crisis; this shows how weak the informal sector of 

                                                
19 The graphs presented in all this section are the result of the tables obtained for this section; such tables 
are shown in Annex 2. 
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the economy is when there are shocks. This result is similar to the one found in the formal 
sector, but not as clear as before. 
 
    Over the economic expansion high levels of inactivity of the potential labor force have 
been faced, mostly attributable to increase on household incomes. 
 

Figure 4 
Predisposition to leave initial sector and reach final sector (Vij) 

 

 
 

    People showed lower predisposition to move from the formal to the informal sector 
from 1998-1999, where it reached 2.90, until 2001-2002 where it reached 2.23; from that 
year until 2003-2004 predisposition increases up to 3.22. The opposite happens when 
moving from formal employment to unemployment. From 1998-1999 to 2000-2001 
increases from 0.058 to 1.01 and in 2004-2005 decreases down to 0.46. 
 
    Predisposition to move from the informal to formal sector is lower from 1998-1999 to 
2000-2001, decreasing from 4.59 to 3.31 and increasing up to 5.57 in 2004-2005. The 
opposite occurs with the informal sector and unemployment, because from 1998-1999 to 
2000-2001 there is an increase from 0.79 to 1.40 and then slowly decreases in 2004-2005 
down to 0.60. 
 
    Finally, the relation between unemployment and the formal sector tend to have lower 
predisposition from 1998-1999 to 2000-2001 decreasing from 3.30 to 1.75, and then 
gradually increasing until 2004-2005 up to 2.70. While unemployment tendency in the 
informal sector from 1998-1999 to 2001-2002 decreases from 2.89 to 2.44, then increases 
in 2003-2003 to 3.29 and finally it decreases again to 2.40 in 2004-2005. The graphs clearly 
show the effect of the economic situation in Argentina from 2000-2001 to 2002-2003. 
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    When analyzing unemployment proportion in the formal and informal sectors, an 
inverse relation between the two "labor areas" is found, which means that there are effects 
on the type of employment obtained.  
 
    Given that this study talks about unemployment and the analysis of the factors that 
influence the possible desertion of formal or informal employment, below there is an 
analysis to see if these factors are the same as those present in unemployment duration.5.2  
 

b. Probability work in determined sector 
 
    To characterize mobility patterns in more detail, we use multinomial conditional logit 
models to choose the arrival sector, using determinants such as education (number of 
years), work experience, gender condition, place of residence, immigration or household 
responsibility. The estimated function corresponds to the following general form: 
 

jXe
Pii
Pij β=  

 
    Where Pij/Pii represents the probability to move between sectors i and j with relation to 
the probability of staying in the initial sector. The vector of the estimated coefficients β 
measures the degree in which individual characteristics of each worker X change the 
probability for a worker to move to an occupation in sector j relative to the probability to 
be in sector i. 
     
The positive sign of the coefficients indicates that the characteristic associated to such 
estimator increases the possibility of change. On the other hand, a negative sign indicates 
that such characteristic reduces the above possibility. The estimates of the parameters in 
multinomial functions do not directly represent the slope as it is interpreted in a linear 
model20. Therefore, it is necessary to calculate the marginal effects of the characteristics 
over the evaluated probabilities in the average of the observed characteristics. Therefore 
the equation can be written as: 
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    Differentiating jδ , we obtain: 
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Pii
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That represents the change of occupation. Where β = the adjusted mean 
 
    When calculating probabilities of transition, only those between unemployment and 
formal and informal formal occupations were considered21. The analysis of the probabilities 
of transition and the mobility patterns seen thanks to the model, give the tendencies to 
identify the characteristics of labour mobility in this market. 

                                                
20 See Kmenta, (1998); Greene (1998). 
21 The aim of this study is not the division of sectors in employers or employees and self employed. 
Inactive individuals were not considered in the study either. 
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i. Empirical strategy and results 

    In the case of multinomial estimates, the regression coefficients only give an idea of the 
degree of signification and the direction of the effect caused by the independent variables. 
The estimation of the slope in the function, in the averages of the independent variables, is 
known as the estimates of the marginal effects, and these are the ones that really matter for 
the analysis. The results obtained from this estimate help to establish some general 
hypothesis around labour mobility already discussed in a previous section, and can be used 
to support the previous unemployment duration. 

    The empirical specification used is: 
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    Considering that all the surveys for each period are together, the variable unemployment, 
which takes a value of cero for individuals who are unemployed in the initial period and 
remain in that condition in the next period; and a value of one for those who move 
towards employment is used. To analyze those sectors which absorb labor force, a 
difference of the obtained occupation is made, between formal and informal. The results 
are presented in Tables 8. 

    Based on the results from the multinomial logit estimates we observe that the more 
educated an individual is, the probability to get into a formal work is higher, on the other 
hand the probability to get a job in formal sectors of the economy is lower for those 
individuals that have lower educational levels, this trend remains over the period of 
analysis. On the other hand, the probability of entering into informal sector lower for the 
individuals with higher education; this result is quite intuitive as we would expect that, due 
to the characteristics of jobs in informal sectors: they require low educational training 
therefore it should be easier to enter this, moreover this sector has low wages which would 
repel high educated people from entering this sector.  

    During the crisis period the result shows that it became more difficult to enter informal 
markets for individuals with higher educational levels, but it also became easier for people 
with lower educational levels to enter the formal market; this shows the relative inflexibility 
of Argentinean labor market.  

   The dummy for a household head shows that the probability to find either formal or 
informal job is not stable over the period 1998-2005. However, if we observe between 
2000 and 2001 finding informal employment was more likely than finding formal one, but 
then changing again in 2001-2001, perhaps due to the economic crisis, where it was unlikely 
to find any type of job. 

    The dummy for males initially shows more probability to find formal employment rather 
than informal, but between 2001-2002 and 2002-2003 there was an opposite effect; it was 
more likely to find employment in the informal sector than in the formal one. In the 
periods that followed, specifically between 2004 and 2005, these were positive but 
decreasing.  

    Age groups show that there was greater possibility to work in the formal sector than in 
the informal sector for younger people, this difference reduces during crisis period and 
show a bias towards informal markets. We can asses that crisis had the effect of reducing 
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gaps, on probability, between older and younger people but at the same time had a harmful 
effect increasing the probability to enter to informal markets and reducing the probability 
of entering to formal markets. 

    The number of children clearly shows the positive or negative effect on the possibility to 
enter formal or informal employment, yet we can see that the coefficients of the variable 
are opposite between each market; for example, 2003-2004 shows a positive coefficient for 
the informal sector and negative for the formal one. 

    Living in Great Buenos Aires, without taking into account the period 2001-2002, shows 
that there was more probability to work in the formal sector and less probability to move 
into the informal sector. The effects of the crisis are clearly seen from 2000-2001 to 2002-
2003 years in which the coefficients are positive to obtain either formal or informal 
employment. 

    It was less likely for a person living in moderate poverty to work in the formal sector, for 
which reason one would believe that it is easier to enter the informal sector; and yet this 
affirmation can be seen only from 2002-2003 onwards. Moreover, it is possible that being 
part of the "Plan Jefes o Jefas de Hogar"" helped finding formal rather than informal 
employment, which would confirm the affirmation that such plan generates an 
employment policy towards formality. 

    To conclude, many of the variables suffered the effect of the economic conflict in 
Argentina, showing that even if coefficients were "stable", they underwent a change or a 
shock, which eventually returned to its original values.  

CONCLUSIONS 

    This document analyzes the evolution and the determinants of unemployment duration 
and labour mobility in Argentina using household surveys carried out by INDEC from 
1998 to 2005. During this period many changes have been going on in the labor markets. 
They affected unemployment duration and labour mobility mainly due to the effects caused 
by the crisis period, recession and recovery in Argentina. We observe an increase on 
unemployment rate during the crisis and later a slow decrease which shows the slow 
absorption that the economy has especially during crisis. 

   The results of the document show that there was deterioration in welfare terms on 
unemployment duration found using stochastic dominance curves this can be seen clearly 
during the crisis period. We found that individuals with high levels of education prefer to 
work in the formal sector but the time of search will be much longer and more difficult in a 
period of a crisis. Informal jobs have shorter periods of unemployment but they are 
characterized by low levels of education and can not face major changes caused by an 
economic crisis.  

 Therefore, the adjustment of wages is faster for less educated people. We also found an 
initial shock on unemployment duration which affected mainly the more educated people. 
The labour mobility results show that these groups in general enter easier formal labor 
markets which reduce the duration of the crisis. This, in its turn, would suggest that the 
more educated people tend to adjust their wages and push out of the market the less 
educated people. We could conclude that the human capital differences are crucial in the 
integration of workers and their ability to move between sectors, moreover this could have 
a close relation with the low social mobility in Argentina. 
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    When an individual is a household head, even if unemployment duration decreased 
because of the obligation towards the family, the time of search for formal or informal 
employment increased. The possibility to work in the formal or informal sector does not 
show a clear stability to determine whether it affects entry to either labor sectors. The crisis 
reduces the time needed to find formal employment, perhaps because it offers certain 
working stability. 

    Males, despite decreasing the time of search to enter the labor market, experience an 
increasing effect on unemployment duration towards informal and informal employment. 
This result supports the evidence that the females have a higher reservation wages.  

    Age groups results show that there is a decreasing relation between age and 
unemployment duration. However, people aged 15 to 29 take longer to find informal 
employment than formal, while people aged 30 to 50 take less time to find formal 
employment than informal. In the analysis by age groups it is not possible to notice a 
difference in the possibility to work in the formal sector, even if it is more likely to work 
there than in the informal sector. Again, the effect of the crisis is seen in the age variable, 
especially in the calculated values. 

    The time of search for employment decreases according to the number of children an 
individual has. Living in Greater Buenos Aires presents an increasing tendency with less 
time of search towards informal employment, which is stronger during crisis; but because 
the place of residence of the individual is classed as urban, it is more probable to work in 
the formal sector and unlikely to move to the informal sector. The effects of the crisis can 
be clearly seen in this period since the coefficients are positive to get either formal or 
informal employment. 

    Moderate poverty shows that before the economic crisis the time needed to find 
informal employment was longer, but later the search period and formal employment have 
a decreasing tendency and it is less probable that an individual living in moderate poverty 
works in the formal sector, for which reason one may believe it is easier to enter the 
informal sector. 

    It is possible that the plan Jefes o Jefas de Hogar increases, for individuals, the time of 
search and the possibility to work in formal employment, therefore this plan generates an 
employment policy towards formality. Unemployment duration decreases with the years, 
especially from 2003 to 2005, which may indicate firstly that the time of search for 
employment is also decreasing; and secondly that unemployment duration towards 
informal employment is shorter than towards formal one, except between 2000-2001 and 
2001-2002, perhaps due to the economic crisis in Argentina. 
 
     The labour mobility patterns do not reflect inflexibility in labour markets. To examine 
the barriers to mobility within groups it is necessary to examine the key role of inequalities 
on access to productive opportunities (education). Our results allow concluding that the 
apparent duality of the formal/informal in the Argentinean labour market, which seems to 
reflect differences in access to productive resources (human capital) outside the labor 
market, is the one that determine the integration into labour markets and later labour 
mobility of a big part of labour force. From this perspective policies directed to reduce the 
differences on distribution and access to productive resources (schools, universities) would 
lead to the situation when the integration is to be seen as mainly an individual preference 
decision, rather than a result of initial inequalities. 
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APPENDIX  
 

Table 1 
Argentina: Labour market indicators, population older than 15 years, 1998-2005 

(In percentage) 
 EPH EPH-C  

Years 1998 1999 2000 2001 2002 2003 
2003-

II 
2004-

II 
2004-

II Average 
Employment 50 49.7 49.5 46.4 47.6 48.7 51.9 54 55.2 50.3 
Informal Sector 42.8 43.2 44.2 44.6 43 42.5 43.7 42.9 41.8 43.2 
Unemployment rate 12.5 13.9 14.8 18.4 17.9 15.7 15.4 12.6 10.6 14.6 

        Source: CEDLAS 
Table 2 

Argentina: Unemployment duration characteristics, 1998-2005 
(In Months) 

  
  
  

  
  
Total 

Age  Adults (25-64) Young (15-24) 
Sex Education Sex 

(15-24) (25-64) (65 +) Female Male Low Medium High Female Male 
   EPH                       
October 1998 6.1 5.5 6.5 4.7 8.7 4.7 5.8 6.6 8.4 6.1 5.1 
October 1999 6.4 5.9 6.6 8.7 8.6 4.9 5.5 6.5 9.3 6.6 5.3 
October 2000 6.6 6.3 6.8 6.0 8.9 5.1 6.1 7.1 8.5 7.2 5.5 
October 2001 6.8 7.0 6.7 9.5 8.3 5.7 6.1 6.8 8.4 8.1 6.1 
October 2002 8.9 8.7 8.8 18.4 11.1 7.1 7.2 9.4 11.1 9.3 8.2 

May 2003 8.5 7.6 8.9 11.1 11.8 7.2 7.9 9.3 10.2 7.8 7.4 
   EPH-C                       

2003-II  11.7 10.6 12.4 13.0 13.8 11.0 12.4 11.8 13.5 11.2 10.1 
2004-I 10.7 9.2 11.6 11.1 13.4 9.8 10.7 11.9 12.7 9.7 8.7 
2004-II 10.0 9.2 10.6 9.8 12.0 9.2 9.6 11.2 11.7 10.2 8.3 
2005-I 9.8 8.4 10.7 11.4 12.0 9.3 9.5 11.8 10.7 8.7 8.0 
2005-II 10.2 8.8 11.0 13.7 12.6 9.1 10.6 10.9 12.2 8.9 8.8 

        Source: CEDLAS 
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Table 3 
Argentina: Employment structure by sector, 1998-2005 

(In percentage) 
  EPH EPH-C 

Item 
Oct. 
1998 

Oct. 
1999 

Oct. 
2000 

Oct. 
2001 

Oct. 
2002 

Mayo 
2003 

2003-
II  

2004-
I 

2004-
II 

2005-
I 

2005-
II 

Primary sector 1.0 1.0 0.8 1.1 1.4 1.4 1.7 1.7 1.5 1.4 1.4 
Textiles and food 5.8 5.6 5.8 5.4 5.5 6.1 7.7 7.8 7.9 7.7 7.6 
Industry 9.6 9.0 8.2 8.3 7.3 6.7 6.1 6.4 6.6 6.9 6.6 
Construction 8.5 8.4 7.9 7.2 6.7 6.5 7.1 7.6 7.8 8.0 8.6 
Commerce 23.3 22.8 24.0 24.0 21.8 22.0 23.3 23.7 24.2 23.1 23.6 
Transportation and 
services 8.2 9.0 8.7 8.5 7.6 7.6 7.1 6.9 7.4 7.2 7.3 
Professional services 9.5 9.7 9.6 9.0 9.1 9.4 9.0 9.1 8.7 9.9 9.4 
Public sector 7.7 7.6 7.8 8.4 10.3 9.1 8.9 8.7 8.1 7.7 7.6 
Education and health 18.9 19.1 19.3 20.2 23.3 24.1 21.3 20.5 20.2 20.4 20.3 
Domestic Service 7.6 7.7 7.9 7.9 6.9 7.0 7.6 7.5 7.5 7.7 7.7 

        Source: CEDLAS 
 

Table 4 
Comparison of average unemployment duration22 

Years   μF  μG   item 
1999-1998  7.22 > 7.04  Atkinson Corollary 
2000-1998  7.31 > 7.04  Atkinson Corollary 
2001-1998  7.43 > 7.04  Atkinson Corollary 
2002-1998  9.52 > 7.04  Atkinson Corollary 
2003-1998  9.26 > 7.04  Atkinson Corollary 
2002-1999  9.52 > 7.22  Atkinson Corollary 
2003-1999  9.26 > 7.22  Atkinson Corollary 
2001-2000  7.43 > 7.31  Atkinson Corollary 
2002-2000  9.52 > 7.31  Atkinson Corollary 
2003-2000  9.26 > 7.31  Atkinson Corollary 
2002-2001  9.52 > 7.43  Atkinson Corollary 
2003-2001  9.26 > 7.43  Atkinson Corollary 
2003-2002  9.26 < 9.52  Shorrocks Theorem 
2004-2003  9.82 < 11.52  Shorrocks Theorem 
2005-2003   10.00 < 11.52   Shorrocks Theorem 

 
 

                                                
22 For the year 2003, the value changes from 9.26 to 11.56 due to the change of the collection of the data in 
two different ways the same year. 



 2

Table 5 
Argentina-Unemployment duration: Negative Binomial estimates 

Variables 1998 1999 2000 2001 2002 2003 2004 2005 

Observations 3,142 3,257 3,558 4,281 3,904 4,182 3,768 3,191 

Wald chi2 57.21 94.96 64.35 89.66 59.00 67.41 101.13 84.36 

Prob > chi2 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 

Complete primary 1.051 1.049 0.840 1.013 1.113 1.061 1.228 1.138 

 (0.123) (0.150) (0.108) (0.112) (0.144) (0.108) (0.151) (0.132) 

Incomplete secondary 1.200 1.104 0.885 1.077 1.242 0.967 1.327 1.043 

 (0.142) (0.161) (0.116) (0.121) (0.158) (0.102) (0.163) (0.120) 

Complete secondary 1.286 1.146 0.926 1.099 1.335 0.997 1.423 1.200 

 (0.165) (0.174) (0.121) (0.125) (0.173) (0.105) (0.176)** (0.141) 

Incomplete Superior Ed. 1.279 1.165 0.926 1.226 1.422 1.018 1.487 1.226 

 (0.180) (0.179) (0.131) (0.153) (0.203) (0.113) (0.188)** (0.149) 

Complete Superior Ed. 1.208 1.365 0.895 1.083 1.450 1.168 1.448 1.497 

 (0.198) (0.247) (0.158) (0.150) (0.239) (0.151) (0.194)* (0.194)** 

Household head 0.907 0.748 0.753 0.738 0.758 0.796 0.835 0.746 

 (0.077) (0.064)** (0.058)*** (0.052)*** (0.070)** (0.052) (0.057)* (0.054)*** 

Sex 0.758 0.762 0.757 0.812 0.824 0.839 0.753 0.801 

 (0.049)*** (0.048)*** (0.045)*** (0.045)*** (0.058)* (0.038) (0.037)*** (0.040)*** 

Age 15 to 29 0.660 0.711 0.629 0.666 0.715 0.724 0.609 0.618 

 (0.073)*** (0.081)** (0.068)*** (0.061)*** (0.080)** (0.054) (0.052)*** (0.052)*** 

Age 30 to 50 0.780 0.939 0.776 0.838 0.846 0.913 0.727 0.716 

 (0.086) (0.106) (0.087) (0.080) (0.082) (0.06) (0.058)*** (0.060)*** 

Children 0.962 0.904 0.955 0.959 0.973 0.977 0.999 1.026 

 (0.025) (0.021)*** (0.024) (0.021) (0.029) (0.023) (0.027) (0.025) 

GBA 1.037 0.970 0.967 1.050 1.075 1.053 0.845 0.933 

 (0.057) (0.052) (0.051) (0.049) (0.059) (0.04) (0.037)*** (0.041) 

Moderate poverty 0.911 1.008 1.035 0.971 1.117 0.980 0.927 1.051 

 (0.060) (0.063) (0.064) (0.054) (0.085) (0.047) (0.046) (0.054) 

Ln(Alfa) -0.302 -0.383 -0.273 -0.305 -0.368 -0.142 -0.047 -0.029 

 (0.037) (0.041) (0.033) (0.031) (0.042) (0.02) (0.017) (0.017) 

Alfa  0.739 0.682 0.761 0.737 0.692 0.868 0.954 0.971 

  (0.027) (0.028) (0.025) (0.023) (0.029) (0.018) (0.016) (0.017) 
Note: Standard errors in parenthesis 
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Table 6 
Argentina-Unemployment duration: Weibull estimates from Unemployment to 

Formal sector 
 1998-1999 1999-2000 2000-2001 2001-2002 2002-2003 2003-2004 2004-2005 
Observations  159 169 135 269 86 256 285 

Wald chi2 59.76 34.28 28.33 24.03 59.68 34.17 56.24 

Prob > chi2 0.0000 0.0006 0.0049 0.0202 0.0000 0.0011 0.0000 

Complete primary 0.411 2.779 1.778 1.360 9.650 3.942 0.451 

 (0.177) (1.530) (0.809) (0.546) (8.732) (1.565)** (0.137)* 
Incomplete secondary 0.292 2.248 0.791 1.514 0.330 5.987 0.219 

 (0.136)* (1.273) (0.439) (0.625) (0.232) (2.654)*** (0.077)*** 
Complete secondary 0.335 2.856 1.268 1.382 0.396 4.703 0.287 

 (0.148) (1.587) (0.598) (0.572) (0.346) (1.654)*** (0.092)*** 
Incomplete Superior Ed. 0.130 2.002 0.774 1.155 0.247 4.259 0.155 

 (0.072)*** (1.101) (0.397) (0.547) (0.195) (1.729)*** (0.056)*** 

Complete Superior Ed. 0.149 0.584 0.660 1.131 0.063 4.371 0.222 
 (0.084)** (0.370) (0.410) (0.511) (0.079) (1.993)** (0.080)*** 

Household head 1.360 2.423 1.085 1.230 1.780 0.473 1.807 
 (0.562) (0.741)** (0.406) (0.321) (0.871) (0.150) (0.421) 

Sex 0.809 1.090 1.833 1.141 0.513 1.181 1.035 

 (0.246) (0.346) (0.709) (0.223) (0.273) (0.227) (0.189) 
Age 15 to 29 0.721 2.388 2.883 3.029 1.072 0.304 5.301 

 (0.309) (1.188) (1.162)* (1.328) (0.846) (0.132)* (1.695)*** 
Age 30 to 50 0.480 2.303 1.908 3.280 0.231 0.456 4.075 

 (0.189) (1.167) (0.737) (1.417)* (0.163) (0.203) (1.103)*** 

Children 1.056 1.050 1.137 0.948 1.443 1.200 1.070 
 (0.084) (0.092) (0.105) (0.084) (0.273) (0.140) (0.100) 

GBA 1.095 0.624 1.435 1.516 4.113 2.023 1.184 

 (0.267) (0.144) (0.354) (0.397) (2.568) (0.393)*** (0.178) 

Moderate poverty 0.858 0.525 0.803 1.410 0.173 0.642 0.791 
 (0.221) (0.168) (0.309) (0.297) (0.133) (0.133) (0.146) 

Plan jefes (as)     0.339 0.492 0.495 

     (0.178) (0.126)* (0.135) 

Ln (Alfa)  0.177 0.248 0.024 0.033 0.559 0.098 0.018 

 (0.062)** (0.066)*** (0.071) (0.043) (0.130)*** (0.069) (0.037) 
Alfa 1.194 1.282 1.024 1.033 1.749 1.103 1.018 

 (0.074) (0.085) (0.073) (0.045) (0.228) (0.076) (0.038) 
1/Alfa  0.838 0.780 0.977 0.968 0.572 0.907 0.982 

  (0.051) (0.051) (0.070) (0.042) (0.074) (0.063) (0.036) 
Note: Standard errors in parenthesis 
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Table 7 
Argentina-Unemployment duration: Weibull estimates from Unemployment to 

informal sector 
 

 1998-1999 1999-2000 2000-2001 2001-2002 2002-2003 2003-2004 2004-2005 
Observations  266 275 248 303 152 356 344 

Wald chi2 37.16 40.16 32.13 39.06 39.71 20.77 19.02 

Prob > chi2 0.0002 0.0001 0.0013 0.0001 0.0002 0.0776 0.1224 

Complete primary 0.438 0.678 0.793 0.707 0.285 0.893 0.698 
 (0.136)* (0.217) (0.237) (0.235) (0.173) (0.224) (0.248) 

Incomplete secondary 0.523 0.534 0.686 0.770 0.084 0.835 0.661 

 (0.170) (0.160) (0.232) (0.244) (0.054)*** (0.238) (0.211) 

Complete secondary 0.468 0.671 0.690 0.492 0.179 0.702 0.537 
 (0.182) (0.229) (0.291) (0.165) (0.108)** (0.184) (0.177) 

Incomplete Superior Ed. 1.256 0.507 0.564 1.073 0.035 0.678 0.777 

 (0.461) (0.190) (0.272) (0.481) (0.030)*** (0.214) (0.260) 
Complete Superior Ed. 2.243 0.992 0.411 0.605 0.128 0.637 0.726 

 (0.991) (0.323) (0.226) (0.306) (0.093)* (0.207) (0.356) 
Household head 0.963 1.161 2.064 1.799 2.104 1.154 1.033 

 (0.301) (0.336) (0.617) (0.470) (0.989) (0.241) (0.208) 
Sex 0.950 2.072 1.552 1.424 1.236 1.366 1.078 

 (0.221) (0.453)** (0.318) (0.286) (0.537) (0.203) (0.178) 

Age 15 to 29 0.988 1.148 3.821 1.004 2.570 1.164 1.312 
 (0.353) (0.460) (1.324)*** (0.294) (1.346) (0.303) (0.357) 

Age 30 to 50 0.755 1.418 1.425 0.838 1.326 0.995 1.285 
 (0.240) (0.514) (0.424) (0.229) (0.563) (0.254) (0.363) 

Children 1.048 1.018 1.066 0.923 1.016 1.105 1.052 

 (0.095) (0.068) (0.088) (0.071) (0.182) (0.084) (0.075) 
GBA 1.143 1.066 1.147 1.676 1.385 1.118 1.401 

 (0.206) (0.186) (0.211) (0.291)** (0.491) (0.178) (0.213) 
Moderate poverty 1.792 1.150 1.057 0.795 0.424 0.989 0.979 

 (0.455) (0.219) (0.235) (0.128) (0.187) (0.176) (0.174) 

Plan jefes(as)     0.317 1.399 1.571 
     (0.257) (0.997) (0.429) 

Ln (Alfa)  0.020 0.093 0.109 0.168 0.166 -0.079 -0.133 

 (0.047) (0.049) (0.058) (0.044)*** (0.088) (0.039) (0.027)*** 

Alfa 1.021 1.098 1.115 1.182 1.180 0.924 0.875 
 (0.048) (0.053) (0.065) (0.052) (0.104) (0.036) (0.024) 

1/Alfa  0.980 0.911 0.897 0.846 0.847 1.082 1.142 

  (0.046) (0.044) (0.052) (0.037) (0.074) (0.043) (0.031) 
Note: Standard errors in parenthesis 
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Table 8 
Argentina- Labour Mobility: Multinomial logit 

 
 1998-1999 1999-2000 2000-2001 2001-2002 2002-2003 2003-2004 2004-2005 

Observations 888 907 935 1,141 496 991 941 

LR chi2 100.51 120.54 80.74 70.48 80.12 159.52 140.02 

Prob > chi2 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 0.0000 

Pseudo R2 0.0604 0.0724 0.0500 0.0297 0.0973 0.0890 0.0867 

  Unemployment to formal sector 

Complete primary -0.089 0.092 -0.055 -0.048 0.120 -0.142 0.263 
 (0.055) (0.077) (0.042) (0.046) (0.112) (0.063) (0.095)* 

Incomplete secondary -0.071 0.116 -0.089 -0.052 0.171 -0.280 0.215 

 (0.057) (0.077) (0.048) (0.048) (0.116) (0.064)*** (0.095) 
Complete secondary 0.000 0.174 -0.017 -0.070 0.035 -0.044 0.317 

 (0.061) (0.078) (0.048) (0.052) (0.123) (0.060) (0.094)** 
Incomplete Superior Ed. 0.162 0.258 0.121 0.039 0.242 -0.061 0.358 

 (0.065) (0.079)** (0.052) (0.058) (0.119) (0.063) (0.097)*** 

Complete Superior Ed. 0.131 0.380 0.229 0.113 0.445 0.060 0.703 
 (0.075) (0.088)*** (0.068)** (0.070) (0.137)** (0.079) (0.111)*** 

Household head -0.033 0.057 -0.023 -0.013 0.033 0.059 -0.087 
 (0.046) (0.040) (0.037) (0.038) (0.056) (0.046) (0.048) 

Sex 0.156 0.119 0.055 -0.064 -0.019 0.071 0.007 
 (0.035)*** (0.032)*** (0.031) (0.030) (0.040) (0.031) (0.035) 

Age 15 to 29 0.054 0.208 -0.003 0.114 0.102 0.316 0.089 

 (0.054) (0.060)** (0.049) (0.047) (0.081) (0.073)*** (0.057) 

Age 30 to 50 -0.022 0.211 -0.008 0.012 0.061 0.296 0.078 

 (0.048) (0.056)*** (0.043) (0.045) (0.077) (0.071)*** (0.058) 
Children 0.037 -0.012 0.020 0.034 -0.014 -0.018 0.005 

 (0.013)* (0.014) (0.010) (0.010)** (0.022) (0.016) (0.019) 

GBA 0.020 0.040 0.035 -0.070 0.022 0.053 0.053 
 (0.030) (0.030) (0.025) (0.027)* (0.041) (0.029) (0.033) 

Moderate poverty -0.086 -0.018 0.001 -0.005 0.029 -0.109 -0.026 
 (0.033) (0.032) (0.028) (0.030) (0.046) (0.030)*** (0.035) 

Plan jefes(as)     0.097 0.485 0.372 
     (0.119) (0.085)*** (0.098)*** 

Constant -0.174 -0.536 -0.173 -0.053 -0.370 -0.251 -0.397 

  (0.073) (0.092)*** (0.060)** (0.063) (0.127)** (0.091)* (0.106)*** 

  From unemployment to  informal sector 

Complete primary -0.045 0.043 0.009 -0.058 -0.132 0.092 -0.204 

 (0.059) (0.064) (0.052) (0.048) (0.102) (0.071) (0.068)** 

Incomplete secondary -0.054 0.031 0.071 -0.086 -0.047 0.213 -0.152 
 (0.062) (0.066) (0.056) (0.051) (0.110) (0.071)** (0.067) 

Complete secondary -0.150 -0.136 -0.032 -0.048 -0.319 -0.021 -0.202 

 (0.071) (0.070) (0.060) (0.055) (0.116)* (0.073) (0.069)** 
Incomplete Superior Ed. -0.353 -0.270 0.033 -0.145 -0.160 0.006 -0.320 

 (0.088)*** (0.078)** (0.069) (0.067) (0.123) (0.077) (0.077)*** 
Complete Superior Ed. -0.403 -0.516 -0.540 -0.213 -0.752 -0.302 -0.664 

 (0.107)*** (0.121)*** (0.158)** (0.093) (0.229)** (0.118) (0.124)*** 
Household head -0.025 0.034 0.161 -0.090 0.076 -0.002 0.156 
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 (0.051) (0.045) (0.046)*** (0.042) (0.071) (0.048) (0.045)** 
Sex -0.028 -0.075 -0.038 0.054 0.068 0.056 0.025 

 (0.039) (0.037) (0.037) (0.035) (0.054) (0.034) (0.036) 

Age 15 to 29 -0.139 -0.123 0.199 -0.118 -0.080 -0.104 -0.065 
 (0.060) (0.058) (0.060)** (0.049) (0.092) (0.061) (0.054) 

Age 30 to 50 -0.003 -0.060 0.181 0.033 -0.091 -0.077 -0.088 
 (0.053) (0.054) (0.053)** (0.044) (0.086) (0.059) (0.053) 

Children -0.005 0.008 0.005 -0.008 0.004 0.042 0.000 
 (0.015) (0.014) (0.012) (0.012) (0.026) (0.015)* (0.017) 

GBA -0.006 -0.113 0.016 0.038 0.022 -0.073 -0.073 

 (0.035) (0.033)** (0.030) (0.029) (0.053) (0.031) (0.032) 
Moderate poverty 0.088 -0.086 -0.021 0.006 0.090 0.035 0.107 

 (0.038) (0.035) (0.033) (0.033) (0.062) (0.035) (0.035)** 
Plan jefes(as)     -0.005 -0.101 -0.031 

     (0.140) (0.118) (0.101) 

Constant 0.185 0.285 -0.252 0.102 0.149 -0.010 0.207 
  (0.084) (0.084)** (0.075)** (0.068) (0.131) (0.089) (0.083) 

Note: Standard errors in parenthesis 
 

Figure 4 
Generalized Lorenz Curves 
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Table 9  

Labour Mobility transition 
Willingness to switch from initial sector to final sector(Vij)  

 
 
 

 
 

1998-1999 Formal Informal Unemployment
Formal 2,90 0,58
Informal 4,59 0,79
Unemployment 2,30 2,89

1999-2000 Formal Informal Unemployment
Formal 2,71 0,67
Informal 3,68 1,03
Unemployment 2,25 2,71

2000-2001 Formal Informal Unemployment
Formal 2,21 1,01
Informal 3,31 1,40
Unemployment 1,75 2,83

2001-2002 Formal Informal Unemployment
Formal 2,23 0,78
Informal 3,97 1,04
Unemployment 2,21 2,44

2002-2003 Formal Informal Unemployment
Formal 3,01 0,56
Informal 5,06 0,71
Unemployment 2,01 3,29

2003-2004 Formal Informal Unemployment
Formal 3,22 0,43
Informal 5,29 0,81
Unemployment 2,47 2,87

2004-2005 Formal Informal Unemployment
Formal 2,87 0,46
Informal 5,57 0,60
Unemployment 2,70 2,40

Initial 
sector

Initial 
sector

Final sector

Final sector

Final sector

Final sector

Final sector

Final sector

Initial 
sector

Initial 
sector

Initial 
sector

Final sector

Initial 
sector

Initial 
sector


